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Fig.1 An example of GP tree
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BT T BRSO R, R R
Xt HZREAT ISR 55 =R — B Bl gk,
BB S0 IR LR AT I R, 15 Bl e 40,
MG HAE#TISE. REDPRERXH
Quasi-Newton {46 77 72K I 2k 1E WAL 1) 22 B[R] )5 7
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1) GP FFkM G/ Kim . %R T =
BB, Jell i e 2, REEI
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MR AEEE AR ELn A AR 2 Hir GP HikRE
AT GP W LS At 1 G B R

Liang 25 APV SR RIS Bk GP 4
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A Survey on Genetic Programming to Image Analysis
BI Ying, ZHANG Mengjie, XUE Bing

(Evolutionary Computation Research Group, School of Engineering and Computer Science,

Victoria University of Wellington, Wellington 6140, New Zealand)

Abstract: Genetic Programming (GP) as an Evolutionary Computation (EC) technique, has been widely applied to image analysis in

recent decades. However, there is no comprehensive and systematic literature review related to this area. To provide guidelines to

interested researchers with the state-of-the-art research, this paper presents a comprehensive survey of the literature in recent years on

GP for image analysis, including image feature extraction, image classification, edge detection, image segmentation. In addition, this

paper summarises the current issues and challenges on GP for image analysis, and points out promising area for future work.
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