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ABSTRACT
In this paper, we introduce an approach for the identifica-
tion of building blocks in symbolic expressions and apply
it to analyze the emergence of building blocks in XCS with
symbolic representation. The objective is to extract from a
sequence of evolving populations a set of recurrent patterns
which identifies pieces of the problem solution, so to track
the emergence of the optimal solution. This permits the in-
troduction of better measures of performance which might
be useful in diagnosing problems and adapting algorithms.

Categories and Subject Descriptors
F.1.1 [Models of Computation]: Genetics Based Ma-
chine Learning, Learning Classifier Systems,Genetic Pro-
gramming

General Terms
Algorithms, Representation.

Keywords
LCS, XCS, XCSGP, Representation, Symbolic Conditions.

1. INTRODUCTION
Generalization is an important feature of learning clas-

sifier systems which heavily relies on the representation of
classifier conditions. Among the several representations in-
troduced in the literature, symbolic conditions are probably
the most general but also the most computational demand-
ing solution. Symbolic conditions are also daunting to study.
The bloat that affects this type of representation [3] and the
higher number of classifiers required makes the analysis of
this type of systems more difficult [5]. This is also wors-
ened by the lack of a well established approach to analyze
GP-based populations [5]. In this paper, we introduce an ap-
proach for the identification of building blocks in symbolic
expressions and apply it to analyze the emergence of build-
ing blocks in XCS with symbolic representation [3]. The
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objective is to extract from a sequence of evolving popula-
tions a set of recurrent patterns which identifies pieces of the
problem solution, so to track the emergence of the optimal
solution. This permits the introduction of better measures
of performance which might be useful in diagnosing prob-
lems and adapting algorithms. To achieve this we (i) trace
the evolutionary process by keeping a sequence of evolving
populations; (ii) for each population we simplify individu-
als into the “canonical form”; (iii) we count the occurrences
of each subexpression appearing in such simplified individu-
als; finally, (iv) we analyze the emergence of subexpressions
during the evolutionary process. If a subexpression has an
increasing number of occurrences during the evolutionary
process, it means that, fitness-wise, it has been considered
useful to reach the optimal solution and it shall be consid-
ered a building block.

2. THE EXTRACTION PROCEDURE
Given a sequence of populations representing the evolu-

tion of a solution, our approach transforms each individual
in the populations in a canonical form so that two syntac-
tically different but semantically equivalent individuals are
represented by the same canonical form.

Such simplified individuals are then analyzed to extract
recurrent patterns, i.e. recurrent subexpressions; we con-
sider highly recurrent patterns as building blocks. The de-
tailed descriptions of the procedures discussed here are avail-
able in [5].

2.1 The Canonical Form
Individuals are transformed into the “canonical form”

through four steps: (i) simplification, (ii) conversion into
the disjunctive normal form, (iii) normalization of the ex-
pressions that compose the conjuncts, and (iv) sorting of
the expressions that compose the conjuncts.

Simplification. In order to reduce the amount of useless
and redundant code, we first simplify the individuals before
extracting the subexpressions. To simplify an individual it
is possible to define some simplification rules or specialized
operators [2]. In our work, simplification is based on Mathe-
matica [4] that exposes, through a library, a set of functions
to simplify mathematical expressions which can be linked
and then invoked directly in another program. This initial
simplification step gets rid of all the useless and redundant
code to bring the expression into a more compact form. For
example, the expression “X0 + X1 + (1 − 1)X0 − 10 > −5
AND 5(X0 − X0) = 0” will become “X0 + X1 − 5 > 0”.
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Conversion into disjunctive normal form. If Boolean
operators are included, individuals are then expanded in or-
der to obtain the disjunctive normal form. The disjunctive
normal form of an expression is a disjunction (sequence of
ORs) consisting of one or more disjuncts, each of which is a
conjunction (AND) of one or more Boolean expressions.

Normalization. Elementary expressions obtained through
the previous steps are Boolean expressions that compose
the conjuncts of individuals in disjunctive normal form. Al-
though all the expressions have been subjected to simplifi-
cation, two elementary expressions can still be syntactically
different but semantically equivalent. For example, the ex-
pressions “2(X0 + X1) < 9” and “X1 + X0 < 9/2” cannot
be simplified anymore, but they are semantically equivalent,
but syntactically different. To solve this problem we devel-
oped a procedure that rearranges an elementary expression
into a normalized form such that two equivalent elementary
expressions are syntactically equivalent (see [5] for details).
This routine subtracts the second term of the equality or
inequality to both sides of the equality/inequality forming
a second term that is 0. Then it expands out products and
positive integer powers in the first term, and divides both
sides by the first coefficient of the first term.

Sorting. Two subexpressions composed by exactly the
same set of elementary expressions conjuncted in differ-
ent order are still semantically equivalent but syntacti-
cally different. For example, consider the expressions
“X0 > 0 AND X1 > 3” and “X1 > 3 AND X0 > 0”. Al-
though these two expressions are semantically equivalent
they are syntactically different. To solve this problem it is
possible to extract the elementary expressions splitting each
expression around “AND”, alphabetically sort the obtained
set, and then reconnect the elementary expressions to form
a new subexpression. Applying this procedure to the two
subexpressions just shown, we obtain the same expression
“X0 > 0 AND X1 > 3”.

2.2 Population Simplification
Given a population generated by XCS with GP-based con-

ditions, classifier conditions are reduced to the previously
described “canonical form”. For this purpose we use a data
structure Ms, a set of pairs composed of the following ele-
ments: (i) an elementary expression, obtained by splitting a
subexpression around “AND”, and (ii) the corresponding se-
mantically equivalent elementary expression that is used to
represent all the elementary expressions semantically equiv-
alent to the first element of the couple. The structure Ms

maps generic expressions to their normalized form. This
mapping is kept for two reasons: (i) it assures that in each
set of subexpressions built using the same Ms semantically
equivalent subexpressions have the same representation; (ii)
if an elementary expression has already been found it is not
necessary to recompute its normalized form.

2.3 Extraction of Subexpressions
We extract the subexpressions appearing in the popula-

tion by splitting the classifier conditions, expressed in the
canonical form, around certain operators. The issue in this
case is how to decide around which operators we should
split conditions. We need subexpressions that represent
nuggets of interesting information about the problem so-
lution. As an example, consider the problem of learning the

inequality “X0 + X1 > 4” with X0, X1 ∈ N. Suppose we
have the individual “3X0 > 10”. If we split the expression
“3X0 > 10” around the “>” symbol we obtain two subex-
pressions that do not represent any interesting information
about the solution. The same happens if we split a subex-
pression like “X1 ∗ (X1 + X2)” around “∗”: in this case
each of the two subexpressions defines a sort of “context”
for the other. Furthermore consider the expression “X1 > 3
AND NOT (X0 = 0)”. If we split this expression around the
“AND” clause we obtain the two subexpressions “X1 > 3”
and “NOT (X0 = 0)”. In this case the second subexpres-
sion does not represent interesting information about the
problem solution. This happens because also in this case
each subexpression defines a sort of “context” for the other.
Finally consider another expression, that is “X1 > 3 AND
NOT (X0 = 0) OR X0+X1 > 4”. If we split this expression
around “OR” we obtain the two subexpressions “X1 > 3
AND NOT (X0 = 0)” and “X0 + X1 > 4”. Both of them
represent very interesting information about the problem so-
lution. This is because two subexpressions joint by “OR”
are independent. So we choose to extract subexpressions
splitting individuals around “OR”. Furthermore individuals
are represented by a disjunctive normal form, so there is no
problem in doing it.

3. THE ANALYSIS PROCEDURE
After the population has been examined and all the subex-

pressions which appear in it have been extracted, we count
the occurrence of each subexpression in the population. The
output of this phase, for a population Pt, is a set of triplets
St each one composed of the following elements: (i) a subex-
pression, (ii) the frequency of the subexpression in the pop-
ulation Pt, and (iii) the set of the individuals in Pt that
contain subexpressions that are semantically equivalent to
the first element of the triplet. Applying the algorithm to
the populations we obtain a set of St. Two semantically
equivalent subexpressions that belong to two different St

are syntactically equivalent. Because of this property it is
possible to analyze the trend of the frequency of a subex-
pression in all the Pt of the experiment. By applying this
technique to a sequence of evolving populations it is possible
to analyze the trend of the frequency of the subexpressions
appearing in the population. Subexpressions that have an
increasing trend are considered useful, while subexpressions
that have a constant or decreasing trend are considered use-
less or too specific. Subexpressions with an increasing trend
may viewed as building blocks.

4. EXPERIMENTS WITH XCSGP
We applied the proposed methodology to analyze the evo-

lution in XCS with GP-based conditions [3]. Note that, since
XCS uses macroclassifiers, the analysis of subexpression fre-
quency takes into account numerosity [6]. In addition, since
in XCS schemata are defined based both on the conditions
and on the actions [1], the analysis of frequent subexpres-
sions considers individuals that advocate the same action.

We considered the simple problem of learning the inequal-
ity “X0 + X1 > 4” with X0, X1 ∈ N and X0, X1 ∈ [0, 9]
(other problems are discussed in [5]). We applied XCSGP
with a population of 1000 classifiers, all the other parame-
ters are set as usual [6, 5]. Ten runs were performed, each
one consisting of 50000 learning problems that XCSGP had
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to solve. During each run, the population was saved ev-
ery 1000 problems, so at the end of each run we collected
50 populations. Here, we analyze two example runs: one
consisting of successful convergence, the latter analyzes an
example of run that did not reach the optimal solution.

In the first run XCSGP needed around 22000 learning
problems steps to reach 100% performance (see [5]). How-
ever, 95% performance was reached by less than 10000 learn-
ing problems. We first analyze the classifiers that advo-
cate action 0 which represent the negation of the inequality
“X0 + X1 > 4”, that is “X0 + X1 < 5”. Figure 4 shows
the trend of the frequencies of recurrent subexpressions. We
have plotted the subexpressions with the highest average
frequency. From the plot reported in Figure 4, it is possible
to see that subexpressions that represent interesting infor-
mation about the problem have an increasing trend, while
useless subexpressions have a decreasing trend. To better
analyze the trends of the frequency of the subexpressions
we apply linear regression and obtain the plot reported in
Figure 1. From this plot we extract the following recurrent
subexpressions with an increasing trend: (i) “X02∗X1 = 3”,
(ii) “9 ∗ (X0 + X0 ∗ X1 + X12) < 27 + 26 ∗ X1”, (iii)
“5 ∗ X0 < 14 AND X1 < 3”, (iv) “X0 ∗ X12 = 3 AND
X1 < 3”, (v) “X0 ∗ X12 = 3”, and (vi) “5 > X0 AND
X1 < 1”. The subexpression (iv) can be further simpli-
fied to “X0 = 3 AND X1 = 1” because X0, X1 ∈ N, but
Mathematica was not able to do this simplification because
we have not specified the variable domain. All these subex-
pressions represent interesting information about the prob-
lem and are all subsets of “X0 + X1 < 5”, so all are correct.
Some of these subexpressions, like (i) and (v), are very spe-
cific but are not included in the other subexpressions. This
is the cause of their growth in spite of their specificity. The
subexpression “X0 < 2 AND X1 < 3” instead has a de-
creasing trend because it is a subset of (iii), that has an
increasing trend. The subexpression “1 + X1 > 2 ∗X0 ∗X1
AND X1 < 9 is not a subset of “X0 + X1 < 5” so it does
not represent a correct mapping for the action 0. It is pos-
sible to note that it has a decreasing trend. Note that the
union of the subexpressions with an increasing trend listed
before is almost a complete mapping between variable val-
ues and the action 0: only “X0 = 0 AND X1 = 4” is not
included in any of these subexpressions but is included in
(vii) “9 ∗ (X12 + X0 ∗ (2 + X1)) < 54 + 26 ∗ X1”. This last
subexpression has an increasing trend but a low frequency
because it appears only after step 43000. Furthermore (vii)
includes (ii), but (vii) has not replaced (ii) because (vii) has
appeared too late in the evolution.

We now analyze the classifiers that advocate action 1.
They represent the inequality “X0 + X1 > 4”. Figure
2 shows the trend of the frequencies of recurrent subex-
pressions. We have plotted the subexpressions with the
highest average frequency. Also in this case it is possible
to see that subexpressions that represent interesting infor-
mation about the problem have an increasing trend, while
useless subexpressions have a decreasing trend. From this
plot we extract the following recurrent subexpressions with
an increasing trend: (i) “6 > X1 AND X0 > 4”, (ii)
“7 > X0 AND X1 ∗ (−3 + X0 + X1) > X1”, and (iii)
“X1 ∗ (−3+X0+X1) > X1”. Note that the subexpression
(iii) is equivalent to “NOT (X1 = 0) AND X0 + X1 > 4”.
Also in this case, all the recurrent subexpressions with an
increasing trend represent interesting information about the

problem, none of them is wrong. The subexpression (ii) is
contained in the subexpression (iii) but it is not replaced by
it. Although it is possible to note that the quick growth of
the subexpression (ii) has stopped around step 15000, with
the emergence of the subexpression (iii), then (ii) has de-
creased and after step 30000 has an almost constant trend.
So the more general subexpression (iii) has grown hinder-
ing (ii). It is possible to note that the subexpression (iii) is
contained in many other subexpressions like “X0 > 0 AND
X1 ∗ (−3 + X0 + X1) > X1 AND X13 > 2 ∗X12” that has
a slightly increasing trend. Subexpressions that are overly
specific, like “6 > X1 AND X0 > 8”, have a decreasing
trend. Note that in this case the union of the subexpres-
sions with an increasing trend listed before is a complete
mapping between variable values and the action 1.

The second run we report reached only a 90% performance
by 25000 learning problem (the same problem can be reli-
ably solved using a population of 1600 classifiers [5]). We
then analyze the classifiers that advocate action 1. They
represent the inequality “X0 + X1 > 4”. Figure 5 reports
the trend of the frequencies of recurrent subexpressions. Al-
though the system has not reached optimal solution, it is
possible to see that subexpressions that represent interest-
ing information about the problem have an increasing trend,
while useless subexpressions have a decreasing trend. This is
because the average number of classifiers for each population
that advocate action 1 is high, about 991. From the plot we
note the following recurrent subexpressions with an increas-
ing trend: (i) “X0 > 0 AND X1 > 7/2”, (ii) “X0 > 4”,
(iii) “X1 > 6”, and (iv) “X1 > 5”. Although the system
did not reach optimal performance, all the recurrent subex-
pressions with an increasing trend listed before represent
interesting information about the problem and they are all
correct. Wrong subexpressions or subexpressions that are
subset of others have a decreasing trend. For example, the
subexpression “X1 > 7/2” has a decreasing trend and it is
wrong because it is not a subset of “X0+X1 > 4”. Another
example, consider the subexpression “X0 > 7”: it has a de-
creasing trend and it is a subset of the subexpression (ii).
It is possible to note that the quick growth of the subex-
pression “X0 > 7” has stopped around step 3000, with the
emergence of the subexpression (ii), then the frequency of
“X0 > 7” has decreased. The union of the increasing subex-
pressions listed before represents an almost complete map-
ping between variable values and the action 1, only “X0 = 0
AND X1 = 5” is not contained in any of them.

5. SUMMARY
We have proposed a method to analyze the evolution of

XCS with symbolic conditions. We have applied our ap-
proach to analyze two experiments involving the learning
of a simple numeric expression. By applying the proposed
method, we have been able to show how XCS with GP-
based conditions, XCSGP, builds up an optimal solution by
favoring the evolution of good subexpressions that are useful
with respect to the target problem. Our approach can also
be used in a constructive way: after the frequent subexpres-
sions have been identified, they can also be used to guide
the generation of offspring classifiers, as shown in [5].

2797



6. REFERENCES
[1] Martin V. Butz, Tim Kovacs, Pier Luca Lanzi, and

Stewart W. Wilson. Toward a theory of generalization
and learning in xcs. IEEE Transaction on Evolutionary
Computation, 8(1):28–46, February 2004.

[2] John R. Koza. Hierarchical automatic function
definition in genetic programming. In L. Darrell
Whitley, editor, Foundations of Genetic Algorithms 2,
pages 297–318, Vail, Colorado, USA, 24–29 1992.
Morgan Kaufmann.

[3] Pier Luca Lanzi and Alessandro Perrucci. Extending
the Representation of Classifier Conditions Part II:
From Messy Coding to S-Expressions. In

Wolfgang Banzhaf et al., editor, Proceedings of the
Genetic and Evolutionary Computation Conference
(GECCO 99), pages 345–352, Orlando (FL), July 1999.
Morgan Kaufmann.

[4] Wolfram Research. Mathematica 5.
http://www.wolfram.com.

[5] Stefano Rocca and Stefania Solari. Building blocks
analysis and exploitation in genetic programming.
Master’s thesis, April 2006. Master thesis supervisor:
Prof. Pier Luca Lanzi.

[6] Stewart W. Wilson. Classifier Fitness Based on
Accuracy. Evolutionary Computation, 3(2):149–175,
1995. http://prediction-dynamics.com/.

-0.1

-0.05

0

0.05

0.1

0.15

0.2

0.25

0.3

0.35

0.4

1000 6000 11000 16000 21000 26000 31000 36000 41000 46000

Step

F
re

q
u

en
cy

X0 < 2 AND X1 < 3 X0*X1^2 = 3 AND X1 < 9

X0^2*X1 = 3 9*(X0 + X0*X1 + X1^2) < 27 + 26*X1

5 > X0 AND X1 < 3 X0*X1^2 = 3

5*X0 < 14 AND X1 < 3 X0*X1^2 = 3 AND X1 < 3

X0*(44 + 1575*X0*X1) = 0 AND X1 < 9 5 > X0 AND X1 < 1

-(X0*(-3 + X0 + X0*(-3 + X0 + X1))) > X1 -(X0*(-3 + X0 + X1)) > X1

X0 < 2 AND X1 < 9 1 + X1 > 2*X0*X1 AND X1 < 9

9·(x1^2 + x0·(2 + x1)) < 54 + 26·x1

F i gure 1: Li ne ar re gre ssi on of the f re q ue ncy tre nds of the s ub e x pre ssi ons f or the cl a ssi fie rs wi th acti on 0.

-0.1

-0.05

0

0.05

0.1

0.15

0.2

0.25

0.3

0.35

0.4

1000 6000 11000 16000 21000 26000 31000 36000 41000 46000

Step

F
re

q
u

en
cy

7 > X0 AND X1*(-3 + X0 + X1) > X1 6 > X1 AND X0 > 4

6 > X1 AND X0 > 8 X0>0 AND X1 > -(X1...

X1 > 4 X0 + X1 > 0 AND X0 > 6

X1*(-3 + X0 + X1) > X1 7 > X0 AND X1*(-9 + 2*X0 + X1) > X1

X0 > 0 AND X1*(-3 + X0 + X1) > X1 AND X1^3 > 2*X1^2 X0 > 4

X0 > 6 AND X1 > 8 AND X1*(-3 + X0 + X1) > X1 X0>0 AND X1 > -(X1^2...

X0 + 2*X1 > 4 AND X1*(-3 + X0 + X1) > X1 X0 > 6

Figure 2: Linear regression of the frequency trends of the subexpressions for the classifiers with action 1.

2798



-0.1

0

0.1

0.2

0.3

0.4

0.5

0.6

0.7

0.8

0.9

1000 6000 11000 16000 21000 26000 31000 36000 41000 46000

Step

F
re

q
u

en
cy

X0*(44 + 1575*X0*X1) = 0 X0 > 0

X0 > 4 X0 > 0 AND X1 > 7/2

X1 > 7/2 X0 > 7

X0 > 3 X1 > 6

7 > X1 AND X0 > 3 X1 > 5

X0 < X1 AND X0*(44 + 1575*X0*X1) = 0 18*X0*(7 + 3*X1^2)*(-1 + X0*X1^2) > X1

X0 + X1 > 0 X0 + X1 > 0 AND X0 > 0

Figure 3: Linear regression of the frequencies of recurrent subexpressions in the second run when the classifier
action is 0.

0

0.1

0.2

0.3

0.4

0.5

0.6

0.7

0.8

0.9

1000 6000 11000 16000 21000 26000 31000 36000 41000 46000

Step

F
re

q
u

en
cy

X0 < 2 AND X1 < 3 X0*X1^2 = 3 AND X1 < 9

X0^2*X1 = 3 9*(X0 + X0*X1 + X1^2) < 27 + 26*X1

5 > X0 AND X1 < 3 X0*X1^2 = 3

5*X0 < 14 AND X1 < 3 X0*X1^2 = 3 AND X1 < 3

X0*(44 + 1575*X0*X1) = 0 AND X1 < 9 5 > X0 AND X1 < 1

-(X0*(-3 + X0 + X0*(-3 + X0 + X1))) > X1 -(X0*(-3 + X0 + X1)) > X1

X0 < 2 AND X1 < 9 1 + X1 > 2*X0*X1 AND X1 < 9

9·(x1^2 + x0·(2 + x1)) < 54 + 26·x1

Figure 4: Frequency trends of the subexpressions for the classifiers with action 0.

2799



-0.1

-0.05

0

0.05

0.1

0.15

0.2

0.25

0.3

0.35

0.4

1000 6000 11000 16000 21000 26000 31000 36000 41000 46000

Step

F
re

q
u

en
cy

X0 > 0 AND X1 > 7/2 X0 > 4 X1 > 7/2

X0 > 7 X1 > 6 7 > X1 AND X0 > 4

X0 > 3 7 > X1 AND X0 > 3 X1 > 5

X0 > 4 AND X1 > 7/2 X0 > 0 X0 > 7 AND X0 > X1

X0 > 3 AND X1 > 7/2 X0 > 7 AND X1 > 7/2

Figure 5: Linear regression of the frequencies of recurrent subexpressions for the second run when classifier
action is 1.

2800



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.3
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 1
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 2.33333
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2001
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


